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Document Al: Benchmarks, Models and Applications

CUI Lei, XU Yiheng, LYU Tengchao, WEI Furu
(Natural Language Computing Group, Microsoft Research Asia, Beijing 100080, China)

Abstract: Document Al, or Document Intelligence, is a relatively new research topic that refers to the techniques to
automatically read. understand and analyze business documents. It is an important interdisciplinary study involving
natural language processing and computer vision. In recent years, the popularity of deep learning technology has
greatly advanced the development of Document Al tasks, such as document layout analysis, document information
extraction, document visual question answering, and document image classification etc. This paper briefly introduces
the early-stage heuristic rule-based document analysis, statistical machine learning based algorithms, as well as the
deep learning-based approaches especially the pre-training approaches. Finally, we also look into the future direction
of Document Al
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Source: https://www.industrydocuments.ucsf.edu/docs/gfbx0227
Q: Mention the ZIP code written?

A: 80202

Q: What date is seen on the seal at the top of the letter?
A: 23 sep 1970

Q: Which company address is mentioned on the letter?
A: Great western sugar Co.

K5 SCRgR

12007 Ig Nobel Prize winners announced |

Friday, October 5, 2007

IThe winners of the 2007 Ig Nobel Prize have been announced. The awards, given
lout every early October since 1991 by the Annals of Improbable Research, are a
lparody of the Nobel Prize, which are awards given out in several fields. The awards
lare given to achievements that, "first make people laugh, and then make them
think.” They were presented at Harvard University's Sanders Theater.

{Ten awards have been presented, each given to a different field. The winners are:

ine: Brian , of Royal NHS F Trust,
UK, and Dan Meyer, who studied the health consequences of sword went to a team from an Argentinian
swallowing. Lniversity, who discovered that
impotency drugs can help hamsters
recover from jet Iag.

Physics: A team from the USA and Chile, who made a study about how cloth
sheets become wrinkled.

Biology: Dr Johanna van Bronswijk of the Netherlands, for carrying out a
census of creatures that live in people's beds.

[+ Chemistry: Mayu Yamamoto, from Japan, for creating a method of exiracting vanilla fragrance and flavouring vmml
cow dung,

Q: Who were the winners of the Ig Nobel prize for Biol-
ogy and Chemistry?

A: The winner of the Ig Nobel prize for biology was Dr
Johanna van Bronswijk, and the winner for Chemistry was
Mayu Yamamoto.
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