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Figure 1 Characters in a data story
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Figure 2 The cut operation of data story characters
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Figure 5 Automation generation
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Figure 6 Query interface about data story character
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Figure 7 Operations of protagonist in data stories
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Study on Character Type and Automatic Generation Method in Data Story
Chao Lemen” Liu Hui’ Zhang Tianyi’ Li Zelun’
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Abstract: [Purpose/Significance| Characters and narratives form the dual pillars of data stories. The narrative
trajectory of a data story is shaped by the characters’ traits, behaviors, goals, realities, and biases. Achieving auto-
matic generation of data story characters stands as a core scientific research topic in the realm of data storytelling.
Addressing this central issue carries significance for the theoretical exploration, automation, and engineering-ori-
ented research and development in the domain of data stories. [Method/Process| Initially, this study delved into
the types, attributes, and operations associated with data story characters. Subsequently, it proposed a character
generation technique based on counterfactual reasoning, offering automatic generation algorithms for protagonists,
similar characters, heterogeneous characters, positive characters, and negative characters in data stories. Following
this, it dissected and discussed its technical implementation, furnishing the paper’s experimental design, data sourc-
es, method selection, and result discussion. Lastly, it encapsulated the principal research findings of the paper and
furnished a forward-looking perspective. [Result/Conclusion] In the data storytelling, this paper introduces for the
first time the compositional elements, basic types, principal features, and core operations of data story characters.
Furthermore, this study presents an automatic generation method for data story characters rooted in counterfactual
reasoning.
characters

Keywords: data story data storytelling story characters



